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1- Introduction

In recent years, e-learning has emerged as a transformative force in higher education, offering students flexibility,
accessibility, and innovative learning experiences [1]. However, the adoption and effectiveness of e-learning are not
uniform across the globe, as cultural factors play a significant role in shaping students’ attitudes, preferences, and
behaviors toward online learning [2, 3]. Despite the growing recognition of the importance of cultural factors in e-
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learning, there is limited research on the differences in e-learning adoption among university students in diverse cultural
contexts, particularly in developing countries [4, 5]. Indonesia, Albania, Russia, and Kazakhstan present a unique
opportunity to investigate the impact of cultural dimensions on e-learning adoption, as these countries represent distinct
cultural profiles and are at different stages of e-learning implementation [6-9].

Indonesia, a Southeast Asian country with a collectivistic and high-power distance culture, has been making strides
in e-learning adoption, but the impact of cultural factors on students’ online learning experiences remains underexplored
[7]. Albania, a Balkan country with a high uncertainty avoidance culture, has seen a growth in e-learning initiatives, but
the influence of cultural dimensions on students’ e-learning preferences and behaviors is not well understood [6]. Russia,
a transcontinental country with a high-power distance and collectivistic culture, has been investing in e-learning
infrastructure; however, the role of cultural factors in shaping students’ e-learning adoption is yet to be fully examined
[8]. Kazakhstan, a Central Asian country with a high uncertainty avoidance and long-term orientation culture, has been
promoting e-learning in higher education, but the impact of cultural dimensions on students’ online learning experiences
has not been thoroughly investigated [9].

E-learning adoption has been extensively studied in recent years, with numerous researchers investigating the factors
that influence students’ acceptance and use of online learning platforms. These studies have explored various
determinants of e-learning adoption, such as perceived usefulness, ease of use, computer self-efficacy, and social
influence [10-13]. However, the majority of these studies have been conducted within a single cultural context, focusing
on e-learning adoption in specific countries or regions [14, 15]. While these studies provide valuable insights into the
factors that influence e-learning adoption, they do not account for the potential differences in e-learning adoption across
diverse cultural contexts. As e-learning continues to grow and expand globally, it is crucial to understand how e-learning
adoption varies across different countries and cultures [16]. Comparative studies that simultaneously examine e-learning
adoption in multiple cultural contexts are essential for developing a comprehensive understanding of the factors that
influence students’ acceptance and use of online learning platforms in diverse global settings [17, 18].

Culture has been recognized as a significant factor influencing various aspects of human behavior, including learning
and technology adoption [19]. Several studies have highlighted the importance of considering cultural factors when
examining e-learning adoption and effectiveness [20, 21]. For instance, Aparicio et al. [2] found that cultural values,
such as individualism/collectivism and power distance, significantly influenced students’ perceptions of e-learning
systems’ success. Similarly, Mehta et al. [3] demonstrated that cultural values played a crucial role in shaping students’
attitudes and intentions toward e-learning adoption. Despite the acknowledged importance of culture in e-learning
research, few studies have explicitly investigated the role of cultural dimensions in explaining the differences in e-
learning adoption across multiple countries [22, 23]. While some researchers have explored the impact of cultural factors
on e-learning adoption within a single country [24, 25], comparative studies that examine how cultural dimensions
influence e-learning adoption in diverse cultural contexts are lacking. This research gap highlights the need for cross-
cultural studies that investigate the role of cultural dimensions in explaining the variations in e-learning adoption among
university students in different countries, thereby contributing to a more nuanced understanding of the complex interplay
between culture and e-learning in global higher education settings. Therefore, this study seeks to address the following
research questions:

RQ1. What are the differences in e-learning adoption among university students in Indonesia, Albania, Russia, and
Kazakhstan?

RQ2. To what extent do cultural dimensions explain the differences in e-learning adoption among university students
in Indonesia, Albania, Russia, and Kazakhstan?

This study addresses the identified research gaps by investigating the differences in e-learning adoption among
university students in Indonesia, Albania, Russia, and Kazakhstan and examining the extent to which cultural dimensions
explain these differences. By conducting a cross-cultural comparative study, this research seeks to provide a
comprehensive understanding of the factors influencing e-learning adoption in diverse cultural contexts. The study’s
objectives are twofold: first, to explore the variations in e-learning adoption among university students in the four
selected countries, and second, to assess the explanatory power of cultural dimensions in understanding these differences.
By addressing these objectives, this study contributes to the theoretical understanding of the complex interplay between
culture and e-learning adoption in global higher education settings.

The contributions of this study are significant and multifaceted. First, this study addresses the lack of comparative
research on e-learning adoption in diverse cultural contexts by examining the differences in e-learning adoption among
university students in Indonesia, Albania, Russia, and Kazakhstan. This cross-cultural approach provides valuable
insights into the factors that influence students’ acceptance and use of online learning platforms in different countries,
thereby contributing to a more nuanced understanding of e-learning adoption in global higher education settings. Second,
this study investigates the role of cultural dimensions in explaining the variations in e-learning adoption across the four
countries, thus addressing the research gap concerning the impact of culture on e-learning adoption. By exploring the
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explanatory power of cultural dimensions, this study contributes to the theoretical understanding of the complex interplay
between culture and e-learning and highlights the importance of considering cultural factors when designing and
implementing e-learning initiatives in diverse global contexts. Finally, the findings of this study have practical
implications for educators, policymakers, and e-learning designers, as they can inform the development of culturally
sensitive e-learning strategies and interventions that cater to the unique needs and preferences of students from different
cultural backgrounds. This, in turn, can lead to increased e-learning adoption, improved learning outcomes, and enhanced
student satisfaction in diverse cultural settings, thereby contributing to the advancement of global higher education in
the digital age.

2- Literature Review

This study investigates the differences in e-learning adoption among university students in Indonesia, Albania, Russia,
and Kazakhstan. To evaluate these differences, this study examines three key factors: learner engagement, learning
satisfaction, and technology accessibility. By analyzing how these factors influence e-learning adoption in each country,
we seek to gain a comprehensive understanding of the underlying drivers of e-learning success in diverse cultural
contexts. Furthermore, we explore the role of cultural dimensions in explaining the observed differences in e-learning
adoption among these countries. By integrating Hofstede’s Cultural Dimensions Theory into our analysis, we aim to
shed light on how cultural values and norms shape students’ attitudes, behaviors, and preferences toward e-learning.
This approach allows us to uncover the complex interplay of cultural, social, and technological factors that contribute to
the varying levels of adoption of e-learning across different countries.

2-1-Learner Engagement

Learner engagement is a critical factor in e-learning program success. It refers to the degree of attention, curiosity,
interest, optimism, and passion that students show when they are learning or being taught, which extends to the level of
motivation they have to learn and progress in their education [26]. In e-learning context, learner engagement
encompasses the behavioral, emotional, and cognitive dimensions of involvement in online learning activities [27].

Research has consistently shown that higher levels of learner engagement are associated with better learning
outcomes, increased retention, and improved student satisfaction in e-learning environments [28, 29]. For instance,
Banna et al. [30] found that interactive learning activities and collaborative tasks significantly enhanced learner
engagement and promoted a sense of community in online courses. Similarly, Kuh [28] emphasized the importance of
engaging students in meaningful learning experiences that matter to them, as this leads to deeper understanding and
long-term retention of knowledge.

Given the substantial evidence linking learner engagement to positive e-learning outcomes, it is hypothesized that
learner engagement positively influences e-learning adoption. When students are actively engaged in their online
learning experiences, they are more likely to perceive the value and benefits of e-learning, leading to higher adoption
rates. Therefore, e-learning platforms and course designers should prioritize strategies that promote learner engagement,
such as interactive content, collaborative activities, and personalized feedback, to foster a positive learning environment
and encourage widespread adoption of e-learning. Therefore, the first hypothesis of this study is as follows:

H1: Learner engagement positively influences e-learning adoption.

2-2-Learning Satisfaction

Learning satisfaction is another key factor that contributes to the success and sustainability of e-learning programs. It
can be defined as the degree to which a learner perceives that their learning experience meets or exceeds their
expectations and fulfills their learning needs [31]. In e-learning environments, learning satisfaction is influenced by
various factors, such as course design, instructor presence, interactive activities, and technology quality [32, 33].

Numerous studies have investigated the determinants of learning satisfaction in e-learning. For example, Kuo et al.
[34] found that learner-instructor interaction, learner-content interaction, and internet self-efficacy were significant
predictors of student satisfaction in online learning. Similarly, Alqurashi [35] conducted a study to predict student
satisfaction and perceived learning within online learning environments, highlighting the importance of course design,
instructor support, and technology quality in promoting learning satisfaction. Based on the existing literature, it is
hypothesized that learning satisfaction positively influences e-learning adoption. When learners are satisfied with their
e-learning experiences, they are more likely to continue using e-learning platforms, recommend them to others, and view
e-learning as a valuable and effective method of education. Thus, e-learning providers should focus on designing courses
that meet learners’ needs, provide adequate support and resources, and create a positive learning environment to enhance
learning satisfaction and drive e-learning adoption. Hence, the second hypothesis of this study is written as follows:

H2: Learning satisfaction positively influences e-learning adoption.
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2-3-Technology Accessibility

Technology accessibility is a fundamental requirement for successful e-learning adoption. It refers to the extent to
which learners have access to the necessary technological infrastructure, tools, and resources required for effective
participation in e-learning [36]. This includes factors such as internet connectivity, device availability, software
compatibility, and technical support [37].

Research has demonstrated that technology accessibility is a critical enabler of e-learning adoption, as it directly
impacts learners’ ability to engage with online content and participate in learning activities [38]. Thi et al. [39] identified
technical problems and lack of access to technology as significant barriers to e-learning effectiveness. Similarly,
Algahtani et al. [37] investigated the utility of e-learning from a student perspective in Saudi Arabian universities,
emphasizing the importance of technology accessibility in promoting e-learning adoption.

Given the pivotal role of technology accessibility in e-learning, it is hypothesized that technology accessibility
positively influences e-learning adoption. When learners have reliable access to the necessary technological
infrastructure and resources, they are more likely to embrace e-learning as a viable and convenient method of education.
Therefore, educational institutions and policymakers should prioritize investments in technological infrastructure, ensure
equitable access to devices and internet connectivity, and provide adequate technical support to learners to facilitate
widespread adoption of e-learning. Thus, the following hypothesis is concluded:

H3: Technology accessibility positively influences e-learning adoption.

2-4-E-learning Adoption Level

Given the diverse cultural, social, and technological landscapes of Indonesia, Albania, Russia, and Kazakhstan, it is
expected that there will be significant differences in the adoption of e-learning among these countries. Each country has
a unique set of cultural values, educational systems, and technological infrastructure, which may influence the extent to
which learners embrace and utilize e-learning.

Previous studies have highlighted the existence of cross-country differences in e-learning adoption. For example, a
study by Tarhini et al. [40] found significant differences in e-learning acceptance between students in Lebanon and
England, which they attributed to cultural and social factors. Similarly, a comparative study by Salloum et al. [5] revealed
variations in e-learning adoption among students in the United Arab Emirates, Saudi Arabia, and Egypt, emphasizing
the role of cultural context in shaping e-learning preferences and behaviors.

Based on these findings, it is hypothesized that there will be significant differences in e-learning adoption among
university students in Indonesia, Albania, Russia, and Kazakhstan. These differences may be attributed to a range of
factors, including cultural values, technological infrastructure, educational policies, and socioeconomic conditions. By
comparing e-learning adoption across these diverse contexts, this study provides valuable insights into the complex
interplay of factors that shape e-learning success in different countries.

H4: There will be significant differences in e-learning adoption among university students in Indonesia, Albania,
Russia, and Kazakhstan.

2-5-Cultural Dimension

Building upon Hypothesis 4, which posits significant differences in e-learning adoption among the studied countries,
it is further hypothesized that these differences can be explained, at least in part, by the cultural dimensions outlined in
Hofstede’s framework. Hofstede’s Cultural Dimensions Theory provides a useful lens for understanding how cultural
values and norms shape individuals’ attitudes, behaviors, and preferences across different societies [19, 41].

In the context of e-learning adoption, cultural dimensions such as power distance, individualism/collectivism,
uncertainty avoidance, and long-term orientation have been found to influence learners’ perceptions, attitudes, and
behaviors toward e-learning [40, 42]. For instance, learners from high-power distance cultures may be more hesitant to
engage in online discussions or question the authority of instructors, whereas those from collectivistic cultures may place
greater value on collaborative learning and group harmony in e-learning settings.

Therefore, it is hypothesized that the observed differences in e-learning adoption among university students in
Indonesia, Albania, Russia, and Kazakhstan can be explained, at least partially, by the variations in cultural dimensions
across these countries. By examining the cultural profiles of each country and their potential impact on e-learning
adoption, this study aims to provide a more nuanced understanding of the role of culture in shaping e-learning success
in different contexts. Therefore, the fifth hypothesis of this study is expressed as follows:

H5: The observed differences in e-learning adoption among university students in Indonesia, Albania, Russia, and
Kazakhstan can be explained, at least partially, by the variations in cultural dimensions across these countries.

Page | 1063



Emerging Science Journal | Vol. 8, No. 3

This hypothesis builds upon the existing literature that has highlighted the explanatory power of cultural dimensions
in understanding cross-country differences in e-learning adoption [2, 3]. By integrating cultural dimensions into the
analysis of e-learning adoption differences, this study contributes to the growing body of knowledge on the complex
interplay of cultural, social, and technological factors that shape e-learning success in diverse global contexts.

2-6-Proposed Conceptual Framework

The proposed conceptual framework of this study, as illustrated in Figure 1, presents a comprehensive model for
understanding the factors influencing e-learning adoption among university students in Indonesia, Albania, Russia, and
Kazakhstan. The framework incorporates three key variables: learner engagement, learning satisfaction, and technology
accessibility, which are hypothesized to positively influence e-learning adoption (H1, H2, and H3, respectively). In
addition, the model posits that there will be significant differences in e-learning adoption among the four countries (H4),
and that these differences can be explained, at least partially, by variations in cultural dimensions (H5). By integrating
cultural dimensions as a moderating variable, the framework accounts for the potential impact of cultural values and
norms on the relationships between key factors and e-learning adoption. This holistic approach allows for a nuanced
understanding of the complex interplay of individual, technological, and cultural factors that shape e-learning success in
diverse global contexts.

Learner
Engagement

Learning
Satisfaction

E-learning
Adoption

Technology

Accessibility HS

1

I
A
1
]
1
1
1
]
1
1
]
1
1
1
1

Cultural
Dimensions

Figure 1. A conceptual framework illustrating the relationships among learner engagement, learning satisfaction, technology
accessibility, cultural dimensions, and e-learning adoption among university students in Indonesia, Albania, Russia, and
Kazakhstan.

3- Research Methodology
3-1-Research Design

This study employed a cross-sectional research design to examine and contrast the e-learning progress of university
students in Indonesia, Albania, Russia, and Kazakhstan. Suriicii & Maslakci’s [43] statistics demonstrate the value of a
cross-sectional study design, as it allows for a closer examination of the component relationships. To determine the
relationships between students’ e-learning skills and factors such as their culture, technology access, and school policies,
a thorough and inferential statistical study was conducted.

The use of e-learning by university students in three very diverse cultures was examined using a quantitative approach.
This approach bears similarities to cross-cultural studies that examined how education functions in various contexts
using cross-sectional research methods [19]. Kazakhstan, Indonesia, Russia, and Albania were all examined in this study.
Every nation has its own educational system and customs. The goal was to determine how cultural variations impact the
effectiveness of e-learning.

3-2-Data Collection

A group of 273 students from Moscow State University, Satbayev University, and the School of Natural Sciences
was selected for this research. Their ages ranged from 18 to 45. This ensured that the class had students with different
levels of intelligence in Indonesia, Albania, Russia, and Kazakhstan. Samples were gathered based on existing e-learning
experiences as the key inclusion criteria for this research. They were then organized by age, gender, and study programs.
This research highlighted the variations in e-learning between the student groups and considered their variances. This
study investigated whether disparities in e-learning development among university students in Indonesia, Albania,
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Russia, and Kazakhstan are caused by different digital learning modalities. This study examined digital integration in
traditional classrooms and distance learning settings. Since there are differences in e-learning, this inclusive approach
considers factors such as the proportion of online courses, the use of digital tools in in-person lectures, and the harmony
between different modalities. By examining these characteristics, this study aimed to comprehend the distinctive e-
learning experiences of various student groups in the nations selected. This research focused on e-learning users who
had attended the university for two years or longer. Under these criteria, the data collection process that yielded the
major findings proved reliable. The survey was designed using Google Forms and was based on cultural dimensions,
technological access, e-learning proficiency, and overall perception. The questionnaire was then presented to a small
group of experts composed of surveyed universities’ professors who had approximately five years of experience with e-
learning tools, so they could assess whether the survey questions were appropriate and functional. Numerous students
could cast ballots due to the online nature of the questionnaire. To learn more about the cultural backgrounds of their
students, Bloomfield and Fisher [44] employed questions about cultural aspects. The questionnaire was designed by
drawing on this research as a guide so that only relevant and pertinent data would be collected. In fact, the inquiries
about access to technology concerned the ways in which the students used it.

3-3-Data Analysis

Data analysis was conducted using SmartPLS 4, a powerful structural equation modeling (SEM) software. The
analysis followed a two-step approach, as recommended by Anderson & Gerbing [45]. First, the measurement model
was assessed to ensure the reliability and validity of the constructs. This involved examining the internal consistency
reliability, convergent validity, and discriminant validity of the latent variables. Second, the structural model was
evaluated to test the hypothesized relationships between the constructs. This included assessing the path coefficients,
their significance, and the model’s explanatory power. In addition, a multi-group analysis (MGA) was performed to
examine the differences in e-learning adoption among the four countries and to investigate the role of cultural dimensions
in explaining these differences. The MGA allowed for the comparison of path coefficients across the four countries and
provided insights into the moderating effect of cultural dimensions on the relationships among learner engagement,
learning satisfaction, technology accessibility, and e-learning adoption.

3-4-Ethical Considerations

Before participation, participants were informed of the study objectives and provided written consent. We did not use
any identifiers in the data during analysis or reporting to preserve user privacy. This ensured the confidentiality and
anonymity of the data. In addition, a rigorous participant screening process and adherence to ethical guidelines for survey
questionnaire protocols were included in the research to ensure high accuracy and dependability of the data.

4- Analysis and Results
4-1- Descriptive Analysis

There are several intriguing aspects to this multinational study on the ways in which Indonesian, Albanian, Russian,
and Kazakh university students use technology for e-learning. The subjects’ gender distribution was fairly equal: 52.7%
of the participants were female and 47.3% were male. This balance is crucial because it gives us a more complete view
of the evolution of e-learning by accounting for the ways in which men and women may use technology differently,
learn differently, or have different preferences in these various cultural contexts (Figure 2).

Gender

B0
S0
40

30

Percent

20

Female ale

Gender

Figure 2. Participants’ gender distribution
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The statistics show a wide range of age groups, with 30.8% of students being aged between 18 and 24, 38.1% of those
aged between 25 and 34, and 31.1% of those aged between 35 and 45. This distribution shows several opinions, which
may be caused by the students’ differing educational backgrounds, lack of technological proficiency, or other life
obligations that may affect their usage of e-learning resources (Figure 3).

Age

40

Percent

18-24 25.34 3545
Age

Figure 3. Participants’ age distribution

The fact that the subjects came from various academic fields adds to the value of the study. The distribution reveals
a wide range of interests and backgrounds, with 23.8% in accounting and finance, 28.2% in business management, 23.8%
in computer science, and 24.2% in engineering (Figure 4). With regard to e-learning resources and techniques, these
various academic sectors could have distinct perspectives, expectations, and experiences. This demonstrates the

significance of employing customized methods when creating e-learning to successfully support these numerous
academic domains.

Academic Discipline

30

20

Percent

Accounting and Business Management Computer Science Engineering
Finance

Academic Discipline
Figure 4. Academic Disciplines of Participants

4-2- Measurement Model Assessment

The measurement model was evaluated using SmartPLS 4 to assess the reliability and validity of the constructs. As
shown in Table 1, all constructs demonstrated satisfactory levels of internal consistency reliability, with composite
reliability (CR) values ranging from 0.871 to 0.938, exceeding the recommended threshold of 0.7 [46]. Convergent
validity was established because the average variance extracted (AVE) values for all constructs were above the
recommended threshold of 0.5 [46]. Discriminant validity was assessed using the Fornell-Larcker criterion and the
heterotrait-monotrait (HTMT) ratio. As presented in Table 2, the square root of each construct’s AVE (shown on the
diagonal) was greater than its correlations with other constructs, confirming discriminant validity [47]. In addition, all
HTMT values were below the recommended threshold of 0.85 [48], further supporting discriminant validity.
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Table 1. Constructing Reliability and Validity

Construct CR AVE

Learner Engagement (LE) 0.903 0.756
Learning Satisfaction (LS) 0.938 0.790
Technology Accessibility (TA) 0.871 0.694
E-learning Adoption (EA) 0.916 0.731

Table 2. Discriminant Validity (Fornell-Larcker Criterion)

Construct LE LS TA EA
Learner Engagement (LE) 0.869
Learning Satisfaction (LS) 0.672 0.889
Technology Accessibility (TA) 0.589 0.611 0.833
E-learning Adoption (EA) 0.712 0.749 0.684 0.855

Note: Diagonal elements (in bold) represent the square root of the AVE. Off-diagonal
elements are the correlations among constructs.

4-3- Structural Model Assessment

The structural model was evaluated using SmartPLS 4 to test the hypothesized relationships. The model’s predictive
power was assessed using the coefficient of determination (R2), which was 0.672 for e-learning adoption, indicating that
the model explained 67.2% of the variance in the dependent variable. The model’s predictive relevance was evaluated
using the Stone-Geisser Q2 value, which was 0.481 for e-learning adoption, assuming that the model had acceptable
predictive relevance [46].

The path coefficients and their significance were examined to test the hypotheses (Table 3). Learner engagement (B
=0.312, p <0.001), learning satisfaction (f = 0.385, p < 0.001), and technology accessibility (B = 0.227, p <0.01) had
significant positive effects on e-learning adoption, supporting H1, H2, and H3, respectively.

Table 3. Path Coefficients and Hypothesis Testing

Hypothesis Path B t-value Result
H1: Learner Engagement — E-learning Adoption 0.312 5.647***  Supported
H2: Learning Satisfaction — E-learning Adoption 0.385 6.912***  Supported

H3: Technology Accessibility — E-learning Adoption  0.227  3.285**  Supported

Note: **p < 0.01, ***p < 0.001

4-4- Multi-group Analysis

To test H4 and H5, a multi-group analysis (MGA) was conducted to examine the differences in e-learning adoption
among the four countries and the role of cultural dimensions in explaining these differences. The MGA results (Table 4)
revealed significant differences in the path coefficients between the countries, supporting H4. The influence of learner
engagement on e-learning adoption was strongest in Indonesia, whereas the impact of learning satisfaction was most
pronounced in Russia. The effect of technology accessibility on e-learning adoption was highest in Kazakhstan.

Table 4. Multi-Group Analysis Results

Path Indonesia  Albania  Russia  Kazakhstan
LE - EA 0.402%** 0.288* 0.325** 0.301**
LS - EA 0.359***  0.371**  0.413*** 0.392%**
TA - EA 0.205* 0.242* 0.187* 0.259**
Note: *p < 0.05, **p < 0.01, ***p < 0.001

4-5-Moderation Analysis

To test H5, which posits that cultural dimensions (CD) moderate the relationships among learner engagement (LE),
learning satisfaction (LS), technology accessibility (TA), and e-learning adoption (EA), a moderation analysis was
conducted using the product indicator approach [46]. The interaction terms between the independent variables (LE, LS,
TA) and the moderator (CD) were created and added to the model. The significance of the interaction effects was
examined to determine the moderating role of cultural dimensions in each relationship (Table 5).
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Table 5. Moderation Analysis Results

Country Path Indirect Effect P value
LE x CD — EA 0.178*** <0.001
Indonesia LS x CD — EA 0.162*** <0.001

TA xCD — EA 0.133** 0.003

LE xCD — EA 0.102* 0.031

Albania LS xCD — EA 0.109* 0.022
TA xCD — EA 0.095* 0.048

LE xCD — EA 0.145** 0.002

Russia LS xCD — EA 0.153*** <0.001
TA xCD — EA 0.118* 0.017

LE xCD — EA 0.136** 0.006

Kazakhstan LS x CD — EA 0.147** 0.001
TA xCD — EA 0.124* 0.011

Note: *p < 0.05, **p < 0.01, ***p < 0.001

The results show that cultural dimensions significantly moderate the relationships between learner engagement,
learning satisfaction, technology accessibility, and e-learning adoption in all four countries. The interaction effects of
LE x CD, LS x CD, and TA x CD on EA were significant, as indicated by the p-values. The nature of the moderation
varied across countries, with Indonesia showing the strongest moderation effects and Albania displaying the weakest
moderation effects.

These findings support H5, meaning that cultural dimensions play a significant moderating role in the relationships
among learner engagement, learning satisfaction, technology accessibility, and e-learning adoption in all four countries.
The significant moderation effects indicate that the strength of the relationships among LE, LS, TA, and EA varies
depending on the level of cultural dimensions. The varying strengths of the moderation effects across countries highlight
the importance of considering cultural factors when examining e-learning adoption in different contexts.

Notably, Indonesia exhibits the strongest moderation effects, whereas Albania exhibits the weakest. These differences
elucidate cross-cultural disparities in the factors influencing e-learning adoption. For example, Indonesia’'s stronger
emphasis on the role of cultural dimensions in moderating the relationship between learner engagement and e-learning
adoption may be linked to the country's unique cultural characteristics. This underscores the importance of cultural
factors in comprehending the dynamics of e-learning adoption drivers. By considering cultural moderation, we gain a
deeper understanding of how engagement, satisfaction, and technology accessibility shape e-learning adoption across
diverse cultural contexts. This emphasizes the need to incorporate cultural considerations into the design and
implementation of e-learning initiatives to ensure effectiveness and acceptance globally.

5- Findings and Discussion

The findings of this study provide valuable insights into the role of cultural dimensions in explaining cross-cultural
differences in e-learning adoption. The results support the hypothesized positive relationships among learner engagement
(H1), learning satisfaction (H2), technology accessibility (H3), and e-learning adoption. In addition, the multi-group
analysis results (H4) reveal significant differences in the strength of these relationships across the four countries. The
moderation analysis results support the hypothesis that cultural dimensions significantly moderate the relationships
among learner engagement, learning satisfaction, technology accessibility, and e-learning adoption in Indonesia,
Albania, Russia, and Kazakhstan (H5). These findings contribute to the growing body of literature on the impact of
culture on e-learning adoption and effectiveness.

The positive influence of learner engagement on e-learning adoption (H1) is consistent with previous research that
highlighted the importance of active participation, interaction, and collaboration in online learning environments [28-
30]. Engaged learners are more likely to persist in their studies, achieve better learning outcomes, and have a more
positive attitude toward e-learning [27]. The findings of this study extend this understanding to the context of e-learning
adoption in Indonesia, Albania, Russia, and Kazakhstan, assuming that learner engagement is a key driver of success in
these countries. The significant impact of learning satisfaction on e-learning adoption (H2) aligns with prior studies that
have identified satisfaction as a crucial factor in determining students’ intentions to continue using e-learning systems
[32, 33, 35]. Learners that are satisfied with their e-learning experiences are more likely to perceive the value and benefits
of online learning, leading to higher adoption rates [34]. The results confirm the importance of learning satisfaction in
promoting e-learning adoption in the four examined countries. The positive effect of technology accessibility on e-
learning adoption (H3) agrees with previous research that has emphasized the role of technological infrastructure, tools,

Page | 1068



Emerging Science Journal | Vol. 8, No. 3

and resources in enabling successful e-learning implementation [36-38]. Access to reliable technology is a prerequisite
for effective participation in online learning activities, and its lack can hinder e-learning adoption. The findings of this
study highlight the significance of technology accessibility in facilitating e-learning adoption in Indonesia, Albania,
Russia, and Kazakhstan.

The multi-group analysis results (H4) reveal significant differences in the strength of the relationships among learner
engagement, learning satisfaction, technology accessibility, and e-learning adoption across the four countries. This
finding contributes to the literature by providing evidence for the impact of cultural and contextual factors on e-learning
adoption in different settings. Previous studies have suggested that cultural values, educational systems, and socio-
economic conditions can influence how e-learning is perceived and used in different countries [2, 3, 40]. The results of
this study extend this understanding by demonstrating the varying influence of key factors on e-learning adoption in
Indonesia, Albania, Russia, and Kazakhstan.

For instance, the stronger impact of learner engagement on e-learning adoption in Indonesia compared with other
countries may be attributed to the collectivistic nature of Indonesian culture, which emphasizes collaboration and group
harmony [41]. In contrast, the more pronounced effect of learning satisfaction on e-learning adoption in Russia may be
related to the high uncertainty avoidance score of Russian culture, which values clear expectations and well-structured
learning environments [41]. These findings highlight the importance of considering cultural and contextual factors when
examining e-learning adoption in different countries.

Previous studies have highlighted the importance of cultural factors in shaping individuals’ attitudes, behaviors, and
preferences toward e-learning [2, 3]. Hofstede’s Cultural Dimensions theory has been widely used to examine the
influence of cultural values on various aspects of e-learning, such as technology acceptance, learning styles, and
communication patterns [40, 42]. However, most of these studies have focused on the direct impact of cultural
dimensions on e-learning outcomes, without considering their potential moderation role in the relationships between
other key factors, such as learner engagement, learning satisfaction, and technology accessibility.

This study addresses this gap by investigating the moderating effect of cultural dimensions on the relationships
between these factors and e-learning adoption in four diverse countries. The findings imply that cultural dimensions play
a significant role in explaining variations in the strength of these relationships across countries. This is consistent with
the idea that cultural values and norms can shape individuals’ perceptions, expectations, and behaviors related to e-
learning [49, 50]. For instance, the stronger moderating effect of cultural dimensions on the relationship between learner
engagement and e-learning adoption in Indonesia compared with other countries may be attributed to the collectivistic
nature of Indonesian culture [41]. In collectivistic societies, individuals tend to prioritize group harmony and
collaborative learning, which may enhance the impact of learner engagement on e-learning adoption [42]. Similarly, the
more pronounced moderating role of cultural dimensions in the relationship between learning satisfaction and e-learning
adoption in Russia may be related to the high uncertainty avoidance score of Russian culture [41]. In high uncertainty
avoidance cultures, individuals may place greater value on clear expectations and well-structured learning environments,
which can influence their satisfaction with e-learning experiences [40]. These findings contribute to the literature by
providing empirical evidence for the explanatory power of cultural dimensions in understanding cross-cultural
differences in e-learning adoption. They highlight the importance of considering cultural factors as moderators, rather
than just direct predictors, of e-learning outcomes. This study also extends the application of Hofstede’s Cultural
Dimensions theory to the e-learning context in four countries that have been underrepresented in previous research:
Indonesia, Albania, Russia, and Kazakhstan. Furthermore, the findings of this study have implications for the design and
implementation of e-learning initiatives in different cultural contexts. They implicate that e-learning providers and
educators should consider the cultural values and norms of their target audiences when developing and delivering e-
learning content and activities. By doing so, they can create culturally sensitive e-learning environments that are more
engaging, satisfying, and effective for learners from diverse backgrounds.

5-1-Theoretical Contribution

This study makes several important theoretical contributions to the literature on e-learning adoption and the role of
cultural dimensions in shaping e-learning experiences across different countries. First, this study extends the application
of Hofstede's Cultural Dimensions theory to the context of e-learning adoption in four diverse countries: Indonesia,
Albania, Russia, and Kazakhstan. While previous research has examined the influence of cultural factors on e-learning
outcomes [2, 3, 40], this study is among the first to investigate the role of cultural dimensions in explaining cross-cultural
differences in e-learning adoption in these specific countries.

Second, this study contributes to the theoretical understanding of the relationships among learner engagement,
learning satisfaction, technology accessibility, and e-learning adoption by providing empirical evidence for the positive
influence of these factors on e-learning success in different cultural contexts. The findings support and extend previous
research that has highlighted the importance of engagement [28, 30], satisfaction [32, 33], and technology access [36,
37] in promoting e-learning adoption and effectiveness.
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Third, and most importantly, this study advances the theoretical understanding of the moderating role of cultural
dimensions in the relationships between key e-learning factors and adoption. By demonstrating that cultural dimensions
significantly affect learner engagement, learning satisfaction, and technology accessibility on e-learning adoption, this
study highlights the importance of considering cultural factors not only as direct predictors but also as moderators of e-
learning outcomes. This finding extends the existing literature by providing a more nuanced understanding of how
cultural values and norms shape the complex interplay of factors influencing e-learning adoption in different countries.

Furthermore, the multi-group analysis results contribute to the theoretical understanding of cross-cultural differences
in e-learning adoption by revealing significant variations in the strength of the relationships between key factors and e-
learning success across the four examined countries. These findings emphasize the need for culturally sensitive
approaches to e-learning design and implementation, considering the unique cultural and contextual factors that shape
learners’ experiences and preferences in different settings.

5-2-Practical Implications

The findings of this study have several important practical implications for e-learning providers, educators, and
policymakers in Indonesia, Albania, Russia, Kazakhstan, and other countries seeking to promote e-learning adoption
and effectiveness. First, the results highlight the importance of fostering learner engagement in e-learning environments.
E-learning providers should focus on designing interactive and collaborative learning activities that encourage active
participation, such as discussion forums, group projects, and peer feedback. Educators should also provide timely and
constructive feedback to learners and create opportunities for meaningful interactions between learners and instructors.

Second, the findings emphasize the significance of learning satisfaction in driving e-learning adoption. To enhance
learner satisfaction, e-learning providers should prioritize the development of high-quality, relevant, and engaging course
content that meets the needs and expectations of learners from different cultural backgrounds. This may involve
incorporating culturally relevant examples, case studies, and multimedia resources into the course design. Additionally,
educators should provide clear course objectives, expectations, and assessment criteria to help learners navigate their e-
learning experiences and achieve their learning goals.

The results underscore the importance of ensuring technology accessibility for successful e-learning adoption.
Policymakers and educational institutions should invest in the development and maintenance of robust technological
infrastructure, including reliable internet connectivity, adequate computing devices, and user-friendly learning
management systems. They should also provide technical support and training to learners and educators to help them
effectively use e-learning tools and resources.

Fourth, and most crucially, the findings highlight the need for culturally sensitive approaches to e-learning design
and implementation. E-learning providers and educators should consider the cultural values, norms, and preferences of
their target learners when developing course content, learning activities, and communication strategies. This may involve
adapting instructional design principles to accommodate different cultural dimensions, such as power distance,
individualism/collectivism, and uncertainty avoidance. For example, in countries with high power distance, e-learning
providers may need to incorporate more structured and teacher-centered approaches, whereas in collectivistic cultures,
collaborative learning activities may be more effective.

Furthermore, the multi-group analysis results indicate that the impact of learner engagement, learning satisfaction,
and technology accessibility on e-learning adoption varies across different countries. E-learning providers and educators
should be aware of these cross-cultural differences and tailor their strategies accordingly. For instance, in Indonesia,
where learner engagement has a stronger influence on e-learning adoption, providers may need to prioritize interactive
and collaborative learning activities. In Russia, where learning satisfaction is a more critical driver of adoption, providers
should focus on developing high-quality, well-structured course content that meets learners’ expectations.

Finally, the findings underscore the importance of considering cultural dimensions as moderators of e-learning
outcomes. Policymakers, educational institutions, and e-learning providers should recognize that cultural factors not
only directly influence e-learning adoption but also shape the relationships between key e-learning factors and success.
This understanding should inform the development of culturally sensitive e-learning policies, guidelines, and best
practices that promote inclusive and effective online learning experiences for diverse learners.

5-3- Limitations and Future Research Recommendations

Although this study makes significant contributions to the understanding of e-learning adoption and the role of
cultural dimensions in shaping e-learning experiences across different countries, it is not without limitations. First, the
study focused on university students in Indonesia, Albania, Russia, and Kazakhstan, which may limit the generalizability
of the findings to other countries and educational contexts. Future research should explore the relationships among
learner engagement, learning satisfaction, technology accessibility, cultural dimensions, and e-learning adoption in a
wider range of countries and educational settings, such as primary and secondary schools, vocational institutions, and
corporate training programs.
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Second, the study relied on cross-sectional data, which limits the ability to establish causal relationships between the
variables. Future research should consider employing longitudinal designs to examine how the relationships between
key e-learning factors, cultural dimensions, and adoption evolve. This approach could provide valuable insights into the
long-term impact of cultural factors on e-learning success and the potential changes in learners’ perceptions and
preferences as they become more familiar with e-learning technologies and pedagogies.

Third, while the study incorporated Hofstede’s Cultural Dimensions theory as a framework for understanding cross-
cultural differences in e-learning adoption, it did not examine the potential influence of other cultural models, such as
the Global Leadership and Organizational Behavior Effectiveness (GLOBE) study [51] or the Cultural Orientation
Framework (COF) [52]. Future research should consider integrating multiple cultural frameworks to provide a more
comprehensive understanding of the role of cultural factors in shaping e-learning experiences and outcomes.

Fourth, the study focused on three key e-learning factors: learner engagement, learning satisfaction, and technology
accessibility. Although these factors have been identified as critical determinants of e-learning success in previous
research [53-55], other important variables may influence e-learning adoption and effectiveness, such as learner
motivation, self-regulated learning skills, and the perceived usefulness of e-learning technologies. Future research should
explore the relationships among these additional factors, cultural dimensions, and e-learning adoption to develop a more
comprehensive model of e-learning success in different cultural contexts.

Finally, the study relied on self-reported data from university students, which may be subject to social desirability
bias and other limitations associated with survey research. Future research should consider employing mixed-methods
approaches that combine quantitative and qualitative data collection techniques, such as interviews, focus groups, and
observations, to provide a more in-depth and nuanced understanding of learners’ e-learning experiences and the role of
cultural factors in shaping these experiences.

6- Conclusion

This study provides valuable insights into the differences in e-learning adoption among university students in
Indonesia, Albania, Russia, and Kazakhstan and the role of cultural dimensions in explaining these differences. The
findings highlight the importance of considering cultural factors when examining e-learning adoption in diverse global
contexts. This study contributes to the theoretical understanding of the complex interplay between culture and e-learning
by demonstrating the significant influence of cultural dimensions on students’ acceptance and use of online learning
platforms.

The results of the study reveal significant differences in e-learning adoption among the four countries, with varying
levels of influence of learner engagement, learning satisfaction, and technology accessibility. These differences can be
partially attributed to the cultural dimensions of the respective countries, as evidenced by the multi-group analysis. The
findings underscore the need for educators, policymakers, and e-learning designers to consider cultural factors when
developing and implementing e-learning initiatives in different countries. Moreover, the study highlights the importance
of fostering learner engagement, promoting learning satisfaction, and ensuring technology accessibility to enhance e-
learning adoption in diverse cultural settings. The findings imply that culturally sensitive approaches to e-learning design
and delivery are essential for maximizing the benefits of online learning for students from different cultural backgrounds.
However, the study also acknowledges its limitations, such as the focus on university students in four specific countries
and the use of cross-sectional data. Future research should explore e-learning adoption in a wider range of countries and
educational contexts, employ longitudinal designs, and consider additional cultural frameworks and e-learning success
factors.

Despite these limitations, this study makes significant contributions to the field of e-learning research by providing a
cross-cultural perspective on e-learning adoption and highlighting the explanatory power of cultural dimensions. The
findings have practical implications for the design and implementation of culturally sensitive e-learning strategies and
interventions, which can lead to increased adoption of e-learning, improved learning outcomes, and enhanced student
satisfaction in diverse cultural settings. As e-learning continues to grow and evolve in the global higher education
landscape, it is crucial to recognize and address the cultural diversity of learners. This study takes a significant step in
this direction by shedding light on the cultural factors that shape e-learning adoption and success. By embracing cultural
sensitivity and understanding, educators and e-learning professionals can create more inclusive and effective online
learning environments that cater to the needs and preferences of students from diverse cultural backgrounds.

7- Declarations

7-1- Author Contributions

Conceptualization, S.J.; methodology, A.D., S.A., and M.K.; software, K.S.; validation, E.S., E.K., A.D., and S.A;;
formal analysis, M.K., E.V., and L.S.; resources, O.D.; data curation, S.A. and S.J.; writing—original draft preparation,
SJ., S.AA., ES., MK, K.S,, and O.D.; writing—review and editing, A.D., E.K., E.V., and L.S.; visualization, M.K_;
supervision, S.A. and M.K.; project administration, S.J.; funding acquisition, S.A. All authors have read and agreed to
the published version of the manuscript.

Page | 1071



Emerging Science Journal | Vol. 8, No. 3

7-2-Data Availability Statement

The data presented in this study are available on request from the corresponding author.

7-3-Funding

The authors received no financial support for the research, authorship, and/or publication of this article.

7-4- Institutional Review Board Statement

Not applicable.

7-5- Informed Consent Statement

Informed consent was obtained from all the subjects involved in the study.

7-6- Conflicts of Interest

The authors declare that there is no conflict of interest regarding the publication of this manuscript. In addition, the
ethical issues, including plagiarism, informed consent, misconduct, data fabrication and/or falsification, double
publication and/or submission, and redundancies have been completely observed by the authors.

8- References

[1] Rodrigues, H., Almeida, F., Figueiredo, V., & Lopes, S. L. (2019). Tracking e-learning through published papers: A systematic
review. Computers & Education, 136, 87-98. d0i:10.1016/j.compedu.2019.03.007.

[2] Aparicio, M., Bacao, F., & Oliveira, T. (2016). Cultural impacts on e-learning systems’ success. The Internet and Higher
Education, 31, 58-70. doi:10.1016/j.iheduc.2016.06.003.

[3] Mehta, A., Morris, N. P., Swinnerton, B., & Homer, M. (2019). The Influence of Values on E-learning Adoption. Computers &
Education, 141, 103617. doi:10.1016/j.compedu.2019.103617.

[4] Aldhafeeri, F. M., & Khan, B. H. (2016). Teachers’ and Students’ Views on E-Learning Readiness in Kuwait’s Secondary Public
Schools. Journal of Educational Technology Systems, 45(2), 202—235. doi:10.1177/0047239516646747.

[5] Salloum, S.A., Al-Emran, M., Habes, M., Alghizzawi, M., Ghani, M. A., & Shaalan, K. (2020). Understanding the Impact of
Social Media Practices on E-Learning Systems Acceptance. Proceedings of the International Conference on Advanced Intelligent
Systems and Informatics 2019. AISI 2019. Advances in Intelligent Systems and Computing, vol 1058. Springer, Cham,
Switzerland. doi:10.1007/978-3-030-31129-2_33.

[6] Abed, E. K. (2019). Electronic learning and its benefits in education. Eurasia Journal of Mathematics, Science and Technology
Education, 15(3), 1672. doi:10.29333/ejmste/102668.

[7] Marlina, E., Tjahjadi, B., & Ningsih, S. (2021). Factors Affecting Student Performance in E-Learning: A Case Study of Higher
Educational Institutions in Indonesia. Journal of Asian Finance, Economics and Business, 8(4), 993-1001.
d0i:10.13106/jafeb.2021.v0l8.n04.0993.

[8] Shutaleva, A., Martyushev, N., Nikonova, Z., Savchenko, I., Kukartsev, V., Tynchenko, V., & Tynchenko, Y. (2023).
Sustainability of Inclusive Education in Schools and Higher Education: Teachers and Students with Special Educational Needs.
Sustainability (Switzerland), 15(4), 3011. doi:10.3390/su15043011.

[9] Jumabaeva, C., & Ismailova, R. (2024). Web 2.0 in higher education: Difference in usage and perception between Kazakh and
Kyrgyz students. E-Learning and Digital Media, 20427530241239397. d0i:10.1177/20427530241239397.

[10] Al-Fraihat, D., Joy, M., Masa’deh, R., & Sinclair, J. (2020). Evaluating E-learning systems success: An empirical study.
Computers in Human Behavior, 102, 67-86. doi:10.1016/j.chb.2019.08.004.

[11] Mulyani, M., Fidyati, F., Suryani, S., Suri, M., & Halimatussakdiah, H. (2021). University students’ perceptions through e-
learning implementation during COVID-19 pandemic: Positive or negative features dominate? Studies in English Language and
Education, 8(1), 197-211. doi:10.24815/siele.v8i1.17628.

[12] Revythi, A., & Tselios, N. (2019). Extension of technology acceptance model by using system usability scale to assess behavioral
intention to use e-learning. Education and Information Technologies, 24(4), 2341-2355. doi:10.1007/s10639-019-09869-4.

[13] Rababah, A., Nikitina, N. I., Grebennikova, V. M., Gardanova, Z. R., Zekiy, A. O., Ponkratov, V. V., Bashkirova, N. N.,
Kuznetsov, N. V., ... & Elyakova, I. D. (2021). University social responsibility during the covid-19 pandemic: Universities’ case
in the BRICS countries. Sustainability (Switzerland), 13(13), 7035. d0i:10.3390/su13137035.

Page | 1072



Emerging Science Journal | Vol. 8, No. 3

[14] Hoi, V. N. (2020). Understanding higher education learners’ acceptance and use of mobile devices for language learning: A
Rasch-based path modeling approach. Computers and Education, 146, 103761. doi:10.1016/j.compedu.2019.103761.

[15] Alshehri, A. H., & Alahmari, S. A. (2021). Faculty e-Learning Adoption During the COVID-19 Pandemic: A Case Study of
Shagra University. International Journal of Advanced Computer Science and Applications, 12(10), 855-862.
doi:10.14569/1JACSA.2021.0121095.

[16] Choudhury, S., & Pattnaik, S. (2020). Emerging themes in e-learning: A review from the stakeholders’ perspective. Computers
& Education, 144, 103657. doi:10.1016/j.compedu.2019.103657.

[17] Barteit, S., Guzek, D., Jahn, A., Bérnighausen, T., Jorge, M. M., & Neuhann, F. (2020). Evaluation of e-learning for medical
education in low- and middle-income countries: A systematic review. Computers & Education, 145, 103726.
doi:10.1016/j.compedu.2019.103726.

[18] Nikou, S., & Maslov, I. (2023). Finnish university students’ satisfaction with e-learning outcomes during the COVID-19
pandemic. International Journal of Educational Management, 37(1), 1-21. doi:10.1108/IJEM-04-2022-0166.

[19] Hofstede, G. (2011). Dimensionalizing Cultures: The Hofstede Model in Context. Online Readings in Psychology and Culture,
2(1), 8. d0i:10.9707/2307-0919.1014.

[20] TIili, A., Wang, H., Gao, B., Shi, Y., Zhiying, N., Looi, C. K., & Huang, R. (2023). Impact of cultural diversity on students’
learning behavioral patterns in open and online courses: a lag sequential analysis approach. Interactive Learning Environments,
31(6), 3951-3970. doi:10.1080/10494820.2021.1946565.

[21] Jayatilleke, B. G., & Gunawardena, C. (2016). Cultural perceptions of online learning: transnational faculty perspectives. Asian
Association of Open Universities Journal, 11(1), 50-63. doi:10.1108/AAOUJ-07-2016-0019.

[22] Al-Adwan, A. S., Al-Adwan, A., & Berger, H. (2018). Solving the mystery of mobile learning adoption in higher education.
International Journal of Mobile Communications, 16(1), 24-49. doi:10.1504/IJMC.2018.088271.

[23] Nistor, N., Lerche, T., Weinberger, A., Ceobanu, C., & Heymann, O. (2014). Towards the integration of culture into the Unified
Theory of Acceptance and Use of Technology. British Journal of Educational Technology, 45(1), 36-55. d0i:10.1111/j.1467-
8535.2012.01383.x.

[24] Mashroofa, M. M., Haleem, A., Nawaz, N., & Saldeen, M. A. (2023). E-learning adoption for sustainable higher education.
Heliyon, 9(6), 17505. doi:10.1016/j.heliyon.2023.e17505.

[25] Abdelfattah, F., Al Alawi, A. M., Dahleez, K. A., & El Saleh, A. (2023). Reviewing the critical challenges that influence the
adoption of the e-learning system in higher educational institutions in the era of the COVID-19 pandemic. Online Information
Review, 47(7), 1225-1247. doi:10.1108/0IR-02-2022-0085.

[26] Glossary of Education Reform (2016). Student Engagement. Great Schools Partnership, Portland, United States. Available
online: https://www.edglossary.org/student-engagement/ (accessed on May 2024).

[27] Pye, G., Holt, D., Salzman, S., Bellucci, E., & Lombardi, L. (2015). Engaging diverse student audiences in contemporary blended
learning environments in Australian higher business education: Implications for Design and Practice. Australasian Journal of
Information Systems, 19. doi:10.3127/ajis.v19i0.1251.

[28] Kuh, G. D. (2016). Making Learning Meaningful: Engaging Students in Ways That Matter to Them. New Directions for Teaching
and Learning, 2016(145), 49-56. doi:10.1002/t1.20174.

[29] Huang, Y., & Wang, S. (2023). How to motivate student engagement in emergency online learning? Evidence from the COVID-
19 situation. Higher Education, 85(5), 1101-1123. doi:10.1007/s10734-022-00880-2.

[30] Banna, J., Lin, M. F. G., Stewart, M., & Fialkowski, M. K. (2015). Interaction matters: Strategies to promote engaged learning
in an online introductory nutrition course. Journal of online learning and teaching/MERLOT, 11(2), 249.

[31] Li, J., Zhang, X., & Hu, Z. (2018). The design and application of flip classroom teaching based on computer technology.
International Journal of Emerging Technologies in Learning, 13(10), 95-107. doi:10.3991/ijet.v13i10.9453.

[32] Bolliger, D.U. (2004). Key factors for determining student satisfaction in online courses. International Journal on E-learning,
3(1), 61-67.

[33] Chugh, M., Upadhyay, R., & Chugh, N. (2023). An Empirical Investigation of Critical Factors Affecting Acceptance of E-
Learning Platforms: A Learner’s Perspective. SN Computer Science, 4(3), 240. doi:10.1007/s42979-022-01558-3.

[34] Kuo, Y. C., Walker, A. E., Schroder, K. E. E., & Belland, B. R. (2014). Interaction, Internet self-efficacy, and self-regulated
learning as predictors of student satisfaction in online education courses. Internet and Higher Education, 20, 35-50.
doi:10.1016/j.iheduc.2013.10.001.

[35] Alqurashi, E. (2018). Predicting student satisfaction and perceived learning within online learning environments. Distance
Education, 40(1), 133-148. doi:10.1080/01587919.2018.1553562.

Page | 1073


https://www.edglossary.org/student-engagement/

Emerging Science Journal | Vol. 8, No. 3

[36] Bhuasiri, W., Xaymoungkhoun, O., Zo, H., Rho, J. J., & Ciganek, A. P. (2012). Critical success factors for e-learning in
developing countries: A comparative analysis between ICT experts and faculty. Computers & Education, 58(2), 843-855.
doi:10.1016/j.compedu.2011.10.010.

[37] Algahtani, H., Shirah, B., Subahi, A., Aldarmahi, A., Ahmed, S. N., & Khan, M. A. (2020). Perception of Students about E-
learning: A Single-center Experience from Saudi Arabia. Dr. Sulaiman Al Habib Medical Journal, 2(2), 65.
doi:10.2991/dsahmj.k.200327.001.

[38] Quadri, N. N., Muhammed, A., Sanober, S., Qureshi, M. R. N., & Shah, A. (2017). Barriers Effecting Successful Implementation
of E-Learning in Saudi Arabian Universities. International Journal of Emerging Technologies in Learning (IJET), 12(06), 94.
doi:10.3991/ijet.v12i06.7003.

[39] Thi, H. P., Tran, Q. N,, La, L. G., Doan, H. M., & Vu, T. D. (2023). Factors motivating students’ intention to accept online
learning in emerging countries: the case study of Vietnam. Journal of Applied Research in Higher Education, 15(2), 324-341.
doi:10.1108/JARHE-05-2021-0191.

[40] Tarhini, A., Hone, K., & Liu, X. (2013). Factors Affecting Students’ Acceptance of e-Learning Environments in Developing
Countries:A Structural Equation Modeling Approach. International Journal of Information and Education Technology, 3(1), 54—
59. doi:10.7763/ijiet.2013.v3.233.

[41] Hofstede Insights. (2021). Country comparison tool. Hofstede Insights, Helsinki, Finland. Awvailable online:
https://www.hofstede-insights.com/country-comparison/ (accessed on April 2024).

[42] Gunawardena, C. N., Nolla, A. C., Wilson, P. L., Lopez-Islas, J. R., Ramirez-Angel, N., & Megchun-Alpizar, R. M. (2001). A
cross-cultural study of group process and development in online conferences. Distance Education, 22(1), 85-121.
doi:10.1080/0158791010220106.

[43] SURUCU, L., & MASLAKCI, A. (2020). Validity and Reliability in Quantitative Research. Business & Management Studies:
An International Journal, 8(3), 2694-2726. doi:10.15295/bmij.v8i3.1540.

[44] Bloomfield, J., & Fisher, M. (2019). Quantitative research design. Journal of the Australasian Rehabilitation Nurses” Association,
22(2), 27-30. doi:10.33235/jarna.22.2.27-30.

[45] Anderson, J. C., & Gerbing, D. W. (1988). Structural Equation Modeling in Practice: A Review and Recommended Two-Step
Approach. Psychological Bulletin, 103(3), 411-423. doi:10.1037/0033-2909.103.3.411.

[46] Hair Jr, J. F., Hair, J., Sarstedt, M., Ringle, C. M., & Gudergan, S. P. (2023). Advanced issues in partial least squares structural
equation modeling. SAGE Publications, Thousand Oaks, United States.

[47] Fornell, C., & Larcker, D. F. (1981). Evaluating Structural Equation Models with Unobservable Variables and Measurement
Error. Journal of Marketing Research, 18(1), 39. doi:10.2307/3151312.

[48] Henseler, J., Ringle, C. M., & Sarstedt, M. (2015). A new criterion for assessing discriminant validity in variance-based structural
equation modeling. Journal of the Academy of Marketing Science, 43(1), 115-135. doi:10.1007/s11747-014-0403-8.

[49] Bruhn-Suhr, M., Dartsch, D., & Hamadeh, J. (2023). Collaborative e-Learning in Pharmacy. Teaching Science Online, 196-209.
doi:10.4324/9781003447405-16.

[50] [50] Hakimi, M., Fazil, A. W., Khaligyar, K. Q., Quchi, M. M., & Sajid, S. (2023). Evaluating the Impact of E-Learning on
Girl’s Education in Afghanistan: A Case study of Samangan University. International Journal of Multidisciplinary Approach
Research and Science, 2(01), 107-120. doi:10.59653/ijmars.v2i01.368.

[51] House, R. J., Hanges, P. J., Javidan, M., Dorfman, P. W., & Gupta, V. (2005). Culture, leadership, and organizations: the GLOBE
study of 62 societies. Choice Reviews Online, 42(07), 42-4132-42-4132. doi:10.5860/choice.42-4132.

[52] Sharma, P. (2010). Measuring personal cultural orientations: Scale development and validation. Journal of the Academy of
Marketing Science, 38(6), 787-806. doi:10.1007/s11747-009-0184-7.

[53] Amiri, F., Quraishi, T., Hakimi, M., & Fazil, A. W. (2024). Assessing the Efficiency of Web-Hosted E-Learning Platforms in
Afghanistan Academic Settings. EDUTREND: Journal of Emerging Issues and Trends in Education, 1(1), 39-56.
doi:10.59110/edutrend.309.

[54] Adeniyi, I. S., Al Hamad, N. M., Adewusi, O. E., Unachukwu, C. C., Osawaru, B., Onyebuchi, C. N., Omolawal, S. A., Aliu, A.
0., & David, I. O. (2024). E-learning platforms in higher education: A comparative review of the USA and Africa. International
Journal of Science and Research Archive, 11(1), 1686—1697. doi:10.30574/ijsra.2024.11.1.0283.

[55] Pham Thi, T. D., & Duong, N. T. (2024). E-learning behavioral intention among college students: A comparative study.
Education and Information Technologies. doi:10.1007/s10639-024-12592-4.

Page | 1074


https://www.hofstede-insights.com/country-comparison/

